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Hake data & distribution drivers

5

1. Shelf break hypothesis

2. Temperature hypothesis



J-SCOPE ocean forecasting model
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Base forecast model

Shelf forecast model

Shelf + temperature forecast model

Pr(H)  =  a  +  f1(Lon,Lat) + 𝜀𝜀

Pr(H)  =  a  +  f1(Shelf distance) + 𝜀𝜀

Pr(H)  =  a  +  f1(Shelf distance)  +  f2(Lon,Lat)*Temp250 + 𝜀𝜀
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Forecast skill
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Skill: in-sample
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Skill: out-of-sample
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Skill: out-of-sample
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2019 forecast: temperature anomaly at 250 m
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2019 forecast: hake distribution
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Pr(H)  =  a  +  f1(Shelf distance)  +  f2(Lon,Lat)*Temp250
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Conclusions
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1. Pacific hake have a forecastable distribution

2. Distance to shelf break is a strong predictor

3. 2019 provides a good test for temperature effect
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