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Figure 1. Annual mean of thermocline depth (D20; color in m) from Argo (2004-2018)
and surface wind velocity (vector in m/s) from ERA5 (1980-2014). The dashed contour
represents 100 m depth of D20 around SCTR (5°S-10°S, 50°E-80°F; red box). The red CMIP5: Nagura et al 2013; Zheng et al 2016; Li et al 2015. : - . .
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| V. Conclusions
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14 FGOALS-g3 HadGEM2-CC * Most of the CMIP6 models tend to produce considerably deeper SCTR compare to observation, with some improvement
compared with CMIP5 models.
K Y i * The bias in the SCTR dome location still exist in CMIP6 models but relatively closer to observation than CMIP5 models.
‘UST Klosr\ « These biases probably caused by the equatorial easterly wind bias that produce weak Ekman pumping velocity in the SCTR.
* Weak Ekman pumping = a deeper thermocline depth = warmer SST bias, possibly due to weaker thermocline feedback.
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